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Undergraduate Certificate in AI Mediation and Dispute Resolution

Ethical Considerations in AI-Enabled Dispute
Resolution

A
Algorithmic Bias – Systematic and unfair discrimination that arises from the data or design of AI models.
Related terms: bias mitigation, fairness, data provenance. Explanation: When an AI‑driven dispute‑resolution
platform learns from historical case data that contain prejudicial patterns, it may reproduce or amplify those
patterns, leading to outcomes that disadvantage certain parties. Example: A mediation bot trained on past
employment disputes may consistently recommend lower settlements for women because the training set
reflects gender pay gaps. Practical application: Developers must audit training datasets for
representativeness and implement bias‑detection tools before deployment. Challenges: Identifying hidden
biases, balancing corrective measures with model performance, and maintaining transparency for
non‑technical stakeholders.

B
Beneficence – The ethical principle that AI systems should promote the well‑being of all participants in a
dispute. Related terms: Non‑maleficence, autonomy, stakeholder analysis. Explanation: In AI‑enabled
mediation, beneficence requires that the technology enhances fairness, reduces stress, and improves
resolution speed without compromising the parties’ interests. Example: An AI assistant that suggests
settlement options based on parties’ expressed preferences, thereby reducing the emotional burden of
negotiation. Practical application: Incorporate user‑centered design workshops to align AI
recommendations with participants’ stated goals. Challenges: Measuring “well‑being” objectively, avoiding
paternalistic recommendations, and reconciling conflicting interests.

C
Confidentiality – The duty to protect private information disclosed during dispute resolution from
unauthorized access or disclosure. Related terms: Data encryption, privacy by design, information
governance. Explanation: AI platforms process sensitive narratives, documents, and personal identifiers;
safeguarding this data is essential to maintain trust and legal compliance. Example: A cloud‑based AI
mediator stores case files in encrypted containers, limiting access to authorized mediators only. Practical
application: Implement role‑based access controls and end‑to‑end encryption for all data exchanges.
Challenges: Balancing data accessibility for algorithmic learning with strict confidentiality obligations,
especially across jurisdictions.

D
Data Minimization – Collecting only the data necessary to achieve the intended purpose of the AI system.
Related terms: Data stewardship, purpose limitation, storage restriction. Explanation: Reducing the volume
of personal data processed by an AI dispute‑resolution tool lessens privacy risks and aligns with many
data‑protection regulations. Example: Instead of storing full audio recordings of mediation sessions, the
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system retains only transcribed key statements relevant to the resolution. Practical application: Conduct a
data‑inventory audit to identify and eliminate superfluous data fields before system rollout. Challenges:
Determining the minimal data set that still enables accurate AI predictions, especially when nuanced context
is required.

E
Explainability – The capacity of an AI system to make its reasoning transparent and understandable to users.
Related terms: Interpretability, model transparency, user trust. Explanation: Parties must be able to
comprehend how an AI generated a settlement suggestion or identified a bias, enabling informed consent
and challenge. Example: A mediation platform provides a visual “decision tree” showing which factors led to
a particular recommendation. Practical application: Use inherently interpretable models (e.G., Rule‑based
systems) or generate post‑hoc explanations for complex models. Challenges: Trade‑offs between
explanation depth and proprietary algorithm protection, and avoiding oversimplified narratives that
mislead.

F
Fairness – The principle that AI‑driven outcomes should be just, equitable, and free from discrimination.
Related terms: Procedural justice, distributive justice, equity. Explanation: Fairness in AI‑enabled dispute
resolution encompasses both the process (e.G., Equal opportunity to be heard) and the outcome (e.G.,
Balanced settlement amounts). Example: An AI tool adjusts its recommendation algorithm to ensure that
parties with similar claim merits receive comparable settlement offers. Practical application: Deploy fairness
metrics such as demographic parity or equalized odds to monitor system performance. Challenges: Defining
fairness across diverse cultural contexts, reconciling fairness with efficiency, and addressing “fairness
gerrymandering” where improvements for one group harm another.

G
Governance Framework – Structured policies, procedures, and oversight mechanisms that guide the ethical
deployment of AI in dispute resolution. Related terms: Compliance, accountability, ethical charter.
Explanation: A governance framework establishes roles (e.G., Ethics officer), processes for risk assessment,
and escalation paths for ethical dilemmas. Example: An organization adopts an AI Ethics Board that reviews
each new mediation model before launch. Practical application: Create a living document that integrates
legal requirements, industry standards, and stakeholder feedback. Challenges: Ensuring the framework
remains adaptable to rapid AI advances and that it is not merely a “check‑box” exercise.

H
Human‑in‑the‑Loop (HITL) – Design pattern where a human reviewer retains ultimate decision‑making
authority over AI recommendations. Related terms: Oversight, escalation protocol, hybrid intelligence.
Explanation: HITL safeguards against automated errors, bias, or unintended consequences by allowing
mediators to intervene, modify, or reject AI outputs. Example: An AI‑generated settlement offer is presented
to a certified mediator who can adjust terms before communicating to the parties. Practical application:
Define clear thresholds (e.G., Confidence score Informed Consent – The process by which parties voluntarily
agree to AI‑assisted mediation after understanding its nature, risks, and benefits. Related terms: Disclosure,
autonomy, user agreement. Explanation: Participants must be clearly told how their data will be used, what
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the AI can and cannot do, and how they can opt‑out. Example: Before starting a session, the platform
displays a concise consent form outlining data handling and AI decision‑making scope. Practical application:
Use layered notices—short summaries followed by detailed policy links—to accommodate varying literacy
levels. Challenges: Overcoming “consent fatigue,” ensuring comprehension across language barriers, and
maintaining consent validity over extended case lifecycles.

J
Justice‑Oriented Design – An approach that embeds principles of procedural and substantive justice into AI
system architecture. Related terms: Ethical design, fairness‑by‑design, rights‑based engineering.
Explanation: Designers proactively consider how algorithmic choices affect access to justice, power
imbalances, and dispute outcomes. Example: The interface offers equal voice time to each party, irrespective
of their negotiation style, by regulating AI‑prompted speaking turns. Practical application: Conduct
participatory design workshops with disadvantaged groups to surface justice concerns early. Challenges:
Translating abstract justice concepts into concrete technical specifications, and measuring impact
post‑deployment.

K
Key Performance Indicators (KPIs) – Quantitative metrics used to evaluate the effectiveness and ethical
compliance of AI dispute‑resolution tools. Related terms: Monitoring, audit metrics, success criteria.
Explanation: KPIs may include resolution time, user satisfaction, bias incidence, and compliance breach rates.
Example: A KPI dashboard shows a 15 % reduction in case duration while maintaining a bias‑score below
0.05. Practical application: Establish baseline measurements before AI integration and track trends quarterly.
Challenges: Selecting indicators that capture both efficiency and ethical dimensions, and avoiding metric
manipulation.

L
Legal Compliance – Adherence to applicable statutes, regulations, and case law governing data protection,
AI use, and dispute resolution. Related terms: GDPR, CCPA, AI Act, arbitration statutes. Explanation:
Non‑compliance can result in sanctions, loss of licensure, or invalidated settlements. Example: The platform
implements “right to be forgotten” mechanisms to delete personal data upon request, satisfying GDPR
requirements. Practical application: Conduct a legal impact assessment for each jurisdiction where the
system operates. Challenges: Navigating conflicting cross‑border regulations and keeping pace with
evolving AI‑specific legislation.

M
Model Auditing – Systematic review of AI algorithms to verify their performance, fairness, and alignment
with ethical standards. Related terms: Third‑party audit, algorithmic impact assessment, transparency report.
Explanation: Audits may involve probing for bias, testing robustness, and documenting decision pathways.
Example: An independent auditor evaluates the settlement‑suggestion model, reporting a disparity index of
0.02 Across gender groups. Practical application: Schedule periodic audits (e.G., Semi‑annual) and publish
summary findings for stakeholder confidence. Challenges: Access to proprietary model details, ensuring
auditor expertise, and addressing audit findings without delaying service.

N
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Non‑Discrimination Clause – Contractual provision that obligates AI service providers to prevent
discriminatory outcomes. Related terms: Equal opportunity, anti‑bias policy, compliance guarantee.
Explanation: The clause legally binds the provider to implement technical safeguards and remedial actions if
discrimination is detected. Example: A SaaS agreement includes a clause requiring the vendor to remediate
any identified race‑based bias within 30 days. Practical application: Negotiate clear remediation timelines
and penalties to enforce accountability. Challenges: Defining measurable standards for discrimination, and
allocating liability when bias originates from user‑provided data.

O
Operational Transparency – Openness about the processes, data flows, and decision‑making mechanisms
employed by AI systems in mediation. Related terms: Process documentation, audit trail, stakeholder
communication. Explanation: Transparency builds trust and enables parties to contest AI‑driven outcomes
effectively. Example: The platform logs each AI recommendation, the data points influencing it, and the
mediator’s final decision, accessible via a secure portal. Practical application: Provide concise “how‑it‑works”
guides alongside technical documentation for non‑technical users. Challenges: Protecting intellectual
property while offering sufficient detail, and preventing information overload.

P
Privacy‑Preserving Computation – Techniques (e.G., Differential privacy, secure multi‑party computation)
that allow AI to learn from data without exposing raw personal information. Related terms: Anonymization,
cryptographic protocols, data masking. Explanation: These methods enable collaborative dispute‑resolution
analytics across organizations while respecting confidentiality. Example: Two law firms jointly train a
settlement‑prediction model using encrypted data, ensuring individual case details remain hidden. Practical
application: Integrate differential‑privacy noise into statistical outputs before sharing results with parties.
Challenges: Managing accuracy loss due to privacy noise, and ensuring compliance with sector‑specific
privacy rules.

Q
Quality Assurance (QA) – Systematic processes that ensure AI‑enabled dispute‑resolution tools meet
functional and ethical standards before release. Related terms: Testing, validation, continuous improvement.
Explanation: QA encompasses unit tests, bias checks, user‑acceptance trials, and performance
benchmarking. Example: A QA suite runs simulated mediation scenarios, confirming that AI suggestions stay
within predefined fairness thresholds. Practical application: Adopt a CI/CD pipeline that incorporates ethical
test cases alongside technical ones. Challenges: Designing realistic test data that captures the complexity of
real disputes, and maintaining QA relevance as models evolve.

R
Responsibility Attribution – Determining who is answerable for AI‑driven decisions, errors, or harms in
dispute resolution. Related terms: Liability, accountability, chain of command. Explanation: Clear attribution
clarifies legal exposure and guides remedial actions. Example: The mediating organization retains ultimate
liability for settlement outcomes, while the AI vendor is responsible for algorithmic defects. Practical
application: Draft service‑level agreements that delineate responsibilities for data quality, model updates,
and user training. Challenges: Allocating responsibility in multi‑party ecosystems, and handling emergent
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harms not foreseen in contracts.

S
Stakeholder Engagement – Ongoing dialogue with parties, mediators, regulators, and civil‑society groups to
shape AI system design and governance. Related terms: Co‑creation, feedback loops, participatory
assessment. Explanation: Engaging diverse voices helps identify ethical blind spots and improves
acceptance. Example: A pilot program holds focus groups with veteran litigants to gather insights on
AI‑mediated negotiation interfaces. Practical application: Implement a structured feedback mechanism (e.G.,
Post‑session surveys) that feeds directly into model refinement. Challenges: Balancing conflicting
stakeholder priorities, and ensuring engagement does not become tokenistic.

T
Transparency Report – Public document summarizing an AI system’s capabilities, data usage, performance
metrics, and ethical safeguards. Related terms: Disclosure, accountability, trust seal. Explanation: The report
provides external parties with evidence of compliance and responsible AI practices. Example: An annual
transparency report lists the number of cases processed, average settlement rates, and bias‑audit outcomes.
Practical application: Publish the report on the organization’s website and share it with regulatory bodies.
Challenges: Determining the appropriate level of detail, protecting trade secrets, and updating reports
promptly.

U
Undue Influence – Situations where AI recommendations subtly coerce parties toward a particular outcome,
compromising autonomy. Related terms: Manipulation, coercion, nudging. Explanation: Even
well‑intentioned nudges can become ethically problematic if parties are unaware of the influence. Example:
An AI assistant consistently frames higher settlement amounts as “fair” without presenting alternative
perspectives. Practical application: Design the interface to present multiple balanced options and disclose
the rationale behind each suggestion. Challenges: Differentiating legitimate guidance from manipulative
behavior, and measuring perceived autonomy loss.

V
Value Alignment – Ensuring that AI objectives correspond with human ethical values, legal norms, and
societal expectations in dispute resolution. Related terms: Alignment problem, ethical calibration, norm
embedding. Explanation: Misaligned AI may pursue efficiency at the expense of justice or fairness. Example:
A model optimized solely for case‑closure speed may recommend quick settlements that are unfavorable to
weaker parties. Practical application: Incorporate multi‑objective optimization that balances speed, fairness,
and user satisfaction. Challenges: Codifying abstract values into algorithmic loss functions, and updating
values as societal norms shift.

W
Whistleblower Protection – Safeguards for individuals who expose unethical AI practices within
dispute‑resolution organizations. Related terms: Reporting channel, anti‑retaliation, ethical oversight.
Explanation: Encouraging internal reporting helps surface hidden biases or compliance breaches. Example:
An employee reports that the AI model’s training pipeline inadvertently excludes data from certain ethnic
groups. Practical application: Establish an anonymous reporting portal and guarantee non‑retaliation
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policies. Challenges: Ensuring reports are acted upon promptly, and protecting whistleblowers in highly
competitive tech environments.

X
Explainable AI (XAI) – Subfield focused on creating AI systems whose operations can be interpreted by
humans. Related terms: Interpretability, transparency, model digestibility. Explanation: XAI techniques (e.G.,
SHAP values, LIME) help mediators understand which features drove a settlement recommendation.
Example: The platform highlights that “previous settlement amounts in similar cases” contributed 45 % to
the AI’s suggestion. Practical application: Integrate XAI visualizations into the mediator dashboard for
real‑time insight. Challenges: Avoiding information overload, and ensuring explanations are accurate
reflections of model behavior.

Y
Yield Management – Allocation strategy that optimizes the distribution of AI resources (e.G., Computational
capacity) across dispute‑resolution workloads. Related terms: Resource scheduling, load balancing, service
level optimization. Explanation: Efficient yield management ensures timely AI assistance without
compromising accuracy or fairness. Example: During peak litigation periods, the system dynamically scales
cloud resources to maintain response times under five seconds. Practical application: Deploy auto‑scaling
policies tied to predefined performance thresholds. Challenges: Predicting demand spikes, preventing cost
overruns, and maintaining consistent model performance under variable loads.

Z
Zero‑Trust Architecture – Security framework that assumes no user or component is inherently trustworthy,
requiring continuous verification. Related terms: Micro‑segmentation, identity verification, adaptive
authentication. Explanation: In AI‑mediated dispute platforms, zero‑trust reduces risk of unauthorized data
access or model tampering. Example: Each API call to the settlement‑prediction service undergoes token
validation and behavior analytics before execution. Practical application: Implement mutual TLS, strict access
policies, and real‑time anomaly detection across all system layers. Challenges: Balancing security overhead
with user experience, and integrating legacy components that lack native zero‑trust support.

A
Algorithmic Transparency – Disclosure of the underlying logic, data sources, and decision pathways of AI
models used in dispute resolution. Related terms: Explainability, auditability, openness. Explanation:
Transparency enables parties to scrutinize how conclusions are reached, fostering trust and enabling
challenge. Example: A mediation platform publishes a diagram showing the weighted factors (e.G., Claim
amount, prior case law) that influence its settlement estimator. Practical application: Provide a “model card”
summarizing training data, performance metrics, and known limitations. Challenges: Protecting proprietary
algorithms while meeting stakeholder demands for clarity.

B
Bias Detection Framework – Structured methodology for identifying, measuring, and mitigating bias in
AI‑driven dispute‑resolution tools. Related terms: Fairness metrics, bias mitigation, impact assessment.
Explanation: The framework outlines steps such as data profiling, statistical testing, and corrective
re‑training. Example: The framework applies disparate impact analysis to uncover that AI‑suggested awards
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are 12 % lower for minority claimants. Practical application: Integrate bias detection as a mandatory stage in
the model development lifecycle. Challenges: Selecting appropriate statistical thresholds, and addressing
bias that emerges only after deployment.

C
Consent Management Platform (CMP) – Software solution that records, manages, and enforces user consent
preferences for data processing. Related terms: GDPR compliance, preference portal, data subject rights.
Explanation: A CMP ensures that parties’ consent to AI analysis is verifiable and can be withdrawn at any
time. Example: Before a case begins, the platform prompts users to select which data categories they permit
the AI to access, storing their choices securely. Practical application: Link the CMP to the AI pipeline so that
only consented data streams are ingested. Challenges: Maintaining up‑to‑date consent records across
multiple system components and handling consent revocation mid‑case.

D
Dispute‑Resolution Ontology – Structured representation of concepts, relationships, and attributes relevant
to mediation and arbitration, used to standardize AI inputs. Related terms: Knowledge graph, semantic
model, domain taxonomy. Explanation: An ontology enables consistent data labeling, improves
interoperability, and supports reasoning across cases. Example: The ontology defines entities such as
“Plaintiff,” “Defendant,” “Claim Amount,” and “Legal Precedent,” linking them through hierarchical relations.
Practical application: Use the ontology to annotate case documents, facilitating accurate feature extraction
for AI models. Challenges: Keeping the ontology current with evolving legal terminology, and achieving
consensus among diverse legal practitioners.

E
Ethical Impact Assessment (EIA) – Systematic evaluation of potential ethical risks associated with deploying
AI in dispute resolution. Related terms: Risk assessment, ethical review, compliance checklist. Explanation:
The EIA examines dimensions such as fairness, autonomy, privacy, and societal implications before
implementation. Example: An EIA identifies that the AI’s reliance on public court records may inadvertently
expose confidential settlement terms. Practical application: Conduct the EIA during the design phase and
repeat it after major model updates. Challenges: Quantifying qualitative ethical concerns, and integrating
EIA findings into agile development cycles.

F
Fairness‑Through‑Awareness – Approach that explicitly incorporates protected attributes (e.G., Race,
gender) into the model to monitor and correct bias. Related terms: Demographic parity, equalized odds,
fairness constraints. Explanation: By being “aware” of sensitive attributes, the system can enforce parity
across groups rather than ignoring them. Example: The settlement‑prediction model includes a fairness
regularizer that penalizes disparate outcomes across gender categories. Practical application: Use
constrained optimization techniques to balance accuracy with fairness objectives. Challenges: Legal
restrictions on using protected attributes, and potential privacy implications of storing such data.

G
Governance Dashboard – Interactive interface that visualizes key ethical and operational metrics for
AI‑enabled dispute resolution. Related terms: Monitoring, KPI visualization, compliance panel. Explanation:
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Stakeholders can track real‑time data on bias incidents, processing times, and user satisfaction. Example:
The dashboard alerts the ethics officer when the bias‑score exceeds a predefined threshold. Practical
application: Integrate automated alerts and drill‑down capabilities for detailed investigation. Challenges:
Ensuring data accuracy, preventing dashboard fatigue, and aligning metrics with organizational goals.

H
Human Rights Impact – Assessment of how AI mediation tools affect internationally recognized rights, such
as the right to a fair trial or privacy. Related terms: Rights‑based analysis, IHRL, ethical compliance.
Explanation: The impact study evaluates whether AI practices uphold or infringe upon these rights
throughout the dispute‑resolution lifecycle. Example: An analysis finds that AI‑driven case triage reduces
access to justice for individuals lacking digital literacy. Practical application: Mitigate identified risks by
providing alternative non‑AI pathways and accessibility accommodations. Challenges: Translating abstract
rights into concrete design requirements, and reconciling conflicting rights (e.G., Efficiency vs. Participation).

I
Iterative Model Improvement – Continuous refinement cycle where AI systems are updated based on new
data, feedback, and ethical audits. Related terms: Continuous learning, feedback loop, model retraining.
Explanation: This process ensures that AI remains accurate, unbiased, and aligned with evolving legal
standards. Example: After each quarter, the platform retrains its settlement model using recent case
outcomes, while applying bias‑mitigation techniques. Practical application: Automate data pipelines that
ingest validated case results and trigger scheduled retraining jobs. Challenges: Preventing “catastrophic
forgetting,” managing version control, and ensuring that updates do not introduce new ethical issues.

J
Judicial Oversight – External supervision by courts or regulatory bodies of AI‑enabled dispute‑resolution
processes. Related terms: Regulatory audit, compliance review, legal supervision. Explanation: Oversight
provides an additional layer of accountability, ensuring that AI tools operate within statutory bounds.
Example: A national arbitration authority requires periodic certification of AI mediators before they can be
used in commercial disputes. Practical application: Submit compliance dossiers and undergo third‑party
evaluation as part of licensing. Challenges: Aligning fast‑moving AI development cycles with slower judicial
review processes, and addressing jurisdictional differences.

K
Knowledge Distillation – Technique of transferring knowledge from a large, complex model to a smaller,
more interpretable one. Related terms: Model compression, teacher‑student paradigm, explainability.
Explanation: Distillation can produce lightweight models that retain performance while being easier to audit.
Example: A deep neural network that predicts settlement ranges is distilled into a decision‑tree model for
mediator review. Practical application: Use the distilled model for real‑time suggestions, reserving the larger
model for offline analysis. Challenges: Maintaining fidelity during transfer, and ensuring the distilled model
does not re‑introduce bias.

L
Legal Ontology Alignment – Process of mapping AI system concepts to standardized legal vocabularies
(e.G., LKIF, LegalRuleML). Related terms: Semantic interoperability, data harmonization, schema mapping.
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Explanation: Alignment facilitates cross‑jurisdictional data exchange and consistent AI reasoning. Example:
The platform aligns its “contract breach” entity with the LKIF term “violationOfObligation.”
Practical application: Deploy automated mapping tools that reconcile internal taxonomy with external legal
ontologies. Challenges: Handling ambiguous legal terms, and updating mappings as statutes evolve.

M
Multi‑Stakeholder Review Board – Committee comprising mediators, technologists, ethicists, and affected
community representatives that evaluates AI systems. Related terms: Governance, ethical oversight,
participatory governance. Explanation: The board provides diverse perspectives, reducing blind spots and
enhancing legitimacy. Example: The board reviews a new AI‑driven negotiation assistant, approving it only
after confirming that it does not disadvantage small‑business claimants. Practical application: Schedule
quarterly meetings and require documented decisions for each major system change. Challenges:
Coordinating schedules, managing conflicting interests, and preventing decision paralysis.

N
Neural Symbolic Integration – Hybrid approach that combines deep learning with symbolic reasoning to
improve explainability and rule compliance. Related terms: Hybrid AI, symbolic AI, rule‑based inference.
Explanation: In dispute resolution, neural networks handle unstructured text, while symbolic components
enforce legal constraints. Example: An AI reads a complaint narrative to extract facts, then applies a
rule‑engine that ensures any settlement adheres to statutory caps. Practical application: Design pipelines
where extracted entities feed into a logic‑based module that validates outcomes. Challenges: Ensuring
seamless interaction between subsystems, and handling inconsistencies between learned patterns and
formal rules.

O
Outcome Accountability – Responsibility for the results produced by AI‑mediated processes, including
unintended consequences. Related terms: Liability, remedial action, post‑resolution audit. Explanation:
Parties must have recourse if AI recommendations lead to unfair or illegal settlements. Example: A claimant
discovers that an AI‑generated settlement violated a consumer‑protection law; the platform must correct
the outcome and compensate. Practical application: Include a clause in service agreements that outlines
remedial steps and compensation mechanisms. Challenges: Tracing causality back to specific algorithmic
decisions, and allocating responsibility among multiple actors.

P
Predictive Justice – Use of AI to forecast dispute outcomes, guiding parties toward settlement or litigation
strategies. Related terms: Outcome prediction, risk assessment, case analytics. Explanation: While predictive
tools can improve efficiency, they risk reinforcing existing power imbalances if not carefully managed.
Example: An AI model predicts a 70 % chance of success for a plaintiff, influencing the mediator to
recommend settlement rather than trial. Practical application: Present predictions as probabilistic ranges
with confidence intervals, and accompany them with contextual explanations. Challenges: Avoiding
over‑reliance on predictions, ensuring models are trained on unbiased data, and preventing “self‑fulfilling
prophecies.”

Q
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Quantum‑Resistant Encryption – Cryptographic methods designed to remain secure against potential
quantum‑computing attacks. Related terms: Post‑quantum cryptography, data security, future‑proofing.
Explanation: As AI platforms store sensitive dispute data, adopting quantum‑resistant schemes protects
long‑term confidentiality. Example: The platform encrypts case files using lattice‑based algorithms that are
believed to be quantum‑safe. Practical application: Transition legacy encryption to post‑quantum standards
during scheduled security upgrades. Challenges: Balancing performance overhead with security, and staying
abreast of rapidly evolving cryptographic research.

R
Reinforcement Learning (RL) in Mediation – Technique where AI agents learn optimal negotiation strategies
through trial‑and‑error interactions. Related terms: Policy optimization, reward shaping, simulation
environment. Explanation: RL can model dynamic bargaining, adapting suggestions based on parties’
responses. Example: An RL agent proposes incremental concessions, receiving higher rewards when parties
accept offers quickly. Practical application: Train the RL agent in a simulated dispute environment before
deployment, ensuring adherence to ethical constraints. Challenges: Defining appropriate reward functions
that prioritize fairness over speed, and preventing exploitative strategies.

S
Secure Multi‑Party Computation (SMPC) – Cryptographic protocol enabling parties to jointly compute a
function over their inputs while keeping those inputs private. Related terms: Privacy‑preserving analytics,
federated learning, confidential collaboration. Explanation: SMPC allows multiple law firms to collaborate on
AI model training without exposing client data. Example: Three firms collectively compute aggregate
settlement statistics using SMPC, revealing only the final numbers. Practical application: Deploy SMPC
libraries within the AI training pipeline for cross‑organization learning. Challenges: Managing computational
overhead, ensuring protocol correctness, and handling network latency.

T
Technical Debt in AI Systems – Accumulated compromises in code, data pipelines, or model documentation
that hinder future maintenance and ethical compliance. Related terms: Code quality, refactoring, legacy
systems. Explanation: Unaddressed technical debt can obscure bias sources, making ethical audits more
difficult. Example: An outdated preprocessing script that drops certain demographic fields, unintentionally
skewing model inputs. Practical application: Allocate regular “debt sprint” cycles to clean up code, update
documentation, and re‑validate models. Challenges: Prioritizing debt reduction amid feature‑focused
development, and quantifying its impact on ethical outcomes.

U
Unintended Consequence Mitigation – Strategies to anticipate and address side effects of AI deployment
that were not originally foreseen. Related terms: Scenario planning, risk management, impact monitoring.
Explanation: In dispute resolution, unintended consequences may include reduced human negotiation skills
or over‑reliance on AI suggestions. Example: After introducing an AI assistant, mediators report lower
engagement with parties, prompting a redesign to encourage more direct interaction. Practical application:
Conduct post‑implementation surveys and monitor key behavioral metrics to detect negative trends early.
Challenges: Identifying subtle effects, allocating resources for mitigation, and balancing corrective actions
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with system benefits.

V
Value‑Sensitive Design (VSD) – Methodology that incorporates human values into the technical design
process of AI tools. Related terms: Ethical design, stakeholder values, normative analysis. Explanation: VSD
ensures that features such as autonomy, privacy, and justice influence system architecture from the outset.
Example: The design team conducts workshops to embed the value of “confidentiality” into data handling
modules, resulting in default encryption. Practical application: Use value scenarios to test design decisions
against identified stakeholder values throughout development. Challenges: Reconciling competing values,
translating abstract concepts into concrete technical specifications, and maintaining value relevance over
time.

W
Weighted Fairness Metric – Composite measure that assigns different importance levels to multiple fairness
criteria (e.G., Demographic parity, equal opportunity). Related terms: Multi‑objective optimization, fairness
index, trade‑off analysis. Explanation: Weighted metrics allow organizations to prioritize certain fairness
aspects according to policy or regulatory demands. Example: An organization assigns a 60 % weight to
equalized odds for race and 40 % to demographic parity for gender when evaluating its AI mediator.
Practical application: Incorporate the weighted metric into the model evaluation pipeline and monitor
compliance thresholds. Challenges: Determining appropriate weightings, justifying them to stakeholders,
and adjusting them as societal expectations evolve.

X
Cross‑Jurisdictional Data Governance – Framework for managing data that traverses multiple legal
territories, each with distinct privacy and security rules. Related terms: Data sovereignty, international
compliance, transfer mechanisms. Explanation: AI dispute‑resolution platforms operating globally must
respect each jurisdiction’s regulations, such as GDPR in the EU and PDPA in Singapore. Example: The
platform stores European user data on EU‑based servers while routing U.S. Data through domestic data
centers, complying with data‑localization mandates. Practical application: Implement a data‑routing matrix
that automatically directs data flows based on user location and consent. Challenges: Maintaining
consistent policy enforcement across regions, handling conflicting legal requirements, and managing
cross‑border data transfers.

Y
Yield‑Optimized Scheduling – Allocation algorithm that maximizes the throughput of AI‑mediated sessions
while preserving fairness and quality. Related terms: Queue management, service optimization, load
distribution. Explanation: Efficient scheduling reduces wait times and ensures equitable access to AI
assistance for all parties. Example: The system prioritizes cases with higher urgency scores but caps the
number of high‑priority slots to prevent bias against lower‑priority users. Practical application: Use a
weighted queuing model that incorporates case complexity, urgency, and fairness constraints. Challenges:
Defining urgency objectively, preventing “priority gaming,” and adapting schedules to fluctuating demand.

Z
Zero‑Bias Certification – Formal attestation that an AI system has been evaluated and found free of
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measurable bias within defined thresholds. Related terms: Bias audit, compliance seal, ethical certification.
Explanation: Certification provides confidence to users and regulators that the AI mediator meets high
fairness standards. Example: An independent lab issues a zero‑bias certificate after confirming that
settlement recommendations do not vary significantly across protected groups. Practical application:
Publish the certification on the platform’s homepage and renew it annually through re‑audits. Challenges:
Setting realistic bias thresholds, avoiding complacency after certification, and addressing emerging bias
sources over time.
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